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Abstract 

 
The use of artificial intelligence (AI) in qualitative management research has so 

far been framed predominantly as assistance: a researcher interacting with generative 
AI during the design or analysis of a case study. Yet methodological discussions still 
offer limited understanding of how qualitatively different forms of AI involvement 
reconfigure the production of theoretical insight in case-based research. The existing 
differentiation remains stage-bound and tool-centred; what is missing is a systematic 
coupling of AI roles to forms of theorising and to specific validity threats. 

Drawing on a review of 139 documents, the authors develop a four-role concep-
tual framework, AI as Discoverer, Selector, Co-Constructor and Generator. Each 
role is examined through affordance theory, theorising from cases and sociomaterial 
perspectives in order to analyse how different forms of AI involvement influence 
theorising, interpretation and engagement with empirical material. 

The study’s contribution lies less in naming four roles than in coupling them to 
forms of theorising and to role-specific validity threats. AI involvement cannot be 
treated as a uniform methodological condition: different roles raise different impli-
cations for contextual understanding, methodological rigor, researcher oversight and 
the empirical status of research material. We advance six propositions linking each 
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AI role to conditions of legitimacy, characteristic validity threats and disclosure re-
quirements, and we illustrate the framework through a corporate-governance re-
search scenario. The paper closes with role-sensitive guidance for authors, reviewers 
and editors of governance and R&D case research. 
 
Keywords: case study; qualitative research; artificial intelligence; affordance theory; socio-
materiality; theorising. 
 
 
Sommario 
 

 L’uso dell’intelligenza artificiale (IA) nella ricerca qualitativa in ambito mana-
geriale è stato finora inquadrato prevalentemente come assistenza ossia un ricerca-
tore interagisce con l’IA generativa durante la progettazione o l’analisi di un caso di 
studio. Tuttavia, il dibattito metodologico offre ancora una comprensione limitata di 
come forme qualitativamente diverse di coinvolgimento dell’IA riconfigurino la pro-
duzione di conoscenze teoriche nella ricerca basata su casi studio. La differenzia-
zione esistente rimane legata alle fasi del processo e centrata sullo strumento. Ciò 
che manca è un collegamento tra i ruoli dell’IA, le forme di teorizzazione e le spe-
cifiche minacce alla validità. 

Sulla base di una revisione di 139 documenti, gli autori sviluppano un framework 
concettuale a quattro ruoli: IA come Discoverer (Scopritore), Selector (Seleziona-
tore), Co-Constructor (Co-costruttore) e Generator (Generatore). Ciascun ruolo 
viene esaminato attraverso la teoria dell’affordance, la teorizzazione a partire dai 
casi e le prospettive sociomateriali, al fine di analizzare come le diverse forme di 
coinvolgimento dell’IA influenzino la teorizzazione, l’interpretazione e l’interazione 
con il materiale empirico. 

Il contributo dello studio risiede meno nella definizione dei quattro ruoli, quanto 
piuttosto nel loro collegamento a specifiche forme di teorizzazione e a minacce alla 
validità proprie di ciascun ruolo. Il coinvolgimento dell’IA non può essere trattato 
come una condizione metodologica uniforme: ruoli diversi comportano implicazioni 
diverse per la comprensione contestuale, il rigore metodologico, la supervisione da 
parte del ricercatore e lo status empirico del materiale di ricerca. Gli autori avanzano 
sei proposizioni che collegano ciascun ruolo dell’IA a condizioni di legittimità, mi-
nacce caratteristiche alla validità e requisiti di trasparenza, illustrando il framework 
attraverso uno scenario di ricerca sulla corporate governance. Il paper si conclude 
con indicazioni operative, sensibili al ruolo dell’IA, rivolte ad autori, revisori ed edi-
tor della ricerca su casi di governance e R&D. 
 
Parole chiave: casi studio; ricerca qualitative; intelligenza artificiale; teoria dell’affordance; 
sociomaterialità; teorizzazione. 
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1. Introduction 
 

The case study has been described as both the most flexible and the most 
debated research strategy in management scholarship (Yin, 2018; Eisenhardt 
and Graebner, 2007; Welch et al., 2019). Its persistent appeal lies in the ca-
pacity to investigate complex, context-sensitive and processually dynamic 
phenomena that cannot be fully captured by standardized indicators 
(Gummesson, 2017; Cornelissen, 2017). Its legitimacy, however, continues 
to depend on the rigor, transparency and reflexivity with which researchers 
design, conduct and theorise from cases (Hoorani et al., 2019; Lindgreen et 
al., 2021; Pillai et al., 2024). Theoretical insight in case research is therefore 
closely tied to methodological judgment: researchers actively interpret, se-
lect and construct theoretically meaningful evidence. 

Against this background, artificial intelligence (AI) is acquiring relevance 
in management research methodology at remarkable speed. Generative AI 
tools such as ChatGPT, Claude and Gemini are now routinely employed by 
doctoral candidates and senior scholars alike for tasks ranging from idea gen-
eration to thematic analysis (Naeem et al., 2025). An emerging stream of 
methodological research has begun to formalize such uses. Naeem and 
Thomas (2025), in particular, proposed a seven-stage prompt-based protocol 
that researchers can follow when employing ChatGPT to construct a quali-
tative case study, from contextual understanding to the configuration of units 
of analysis. Their work is careful and stage-sensitive, and it already differ-
entiates where the chatbot is involved and where it is not. It nevertheless 
addresses one specific configuration: a single human researcher employing 
a non-autonomous chatbot as a co-constructor of a case study built around 
real empirical material. 

However, the methodological frontier is moving rapidly beyond this co-
constructive configuration. Three further possibilities are emerging. First, 
agentic AI systems, autonomous, goal-oriented systems able to plan, retrieve 
information and execute multi-step tasks with limited human intervention 
(Acharya et al., 2025; Sapkota et al., 2025), can support the discovery of 
candidate cases by scanning news archives, regulatory filings, social media 
and academic databases. Second, when combined with retrieval-augmented 
generation, agentic systems can support the selection of candidate cases by 
evaluating them against theoretically relevant criteria. Third, the documented 
capacity of large language models (LLMs) to produce realistic narratives and 
to simulate “silicon” participants (Argyle et al., 2023; Hämäläinen et al., 
2023; Hullman et al., 2026) raises the more radical possibility of generating 
synthetic cases for theoretical or pedagogical use. 
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These four functions, discovery, selection, co-construction and genera-
tion, are not interchangeable. They draw on different AI capabilities, operate 
at different stages of the case research lifecycle, present different validity 
threats and align with different approaches to theorising from cases (Welch 
et al., 2019; Welch et al., 2022). They also imply different degrees of meth-
odological delegation between human researchers and AI systems. We do 
not claim that the literature is silent on these distinctions; protocols such as 
Naeem and Thomas (2025) and discussions of AI-grounded theory 
(Odacioglu et al., 2022) and of synthetic respondents (Argyle et al., 2023; 
O’Grady, 2025) already separate AI for analysis from AI as a producer of 
quasi-empirical data. What remains underdeveloped is a synthesis that cou-
ples these roles systematically to the forms of theorising they serve and to 
the specific validity threats they introduce. As a result, the debate still oscil-
lates between enthusiasm for AI-assisted research (Naeem and Thomas, 
2025) and well-founded but undifferentiated caution about algorithmic the-
orising (Lindebaum and Ashraf, 2024; Lindebaum et al., 2023). 

The aim of this paper is to provide that synthesis. Consequently, our re-
search questions are:  
(1) what distinct roles can generative and agentic AI assume in case-based 

management research; 
(2) under what methodological conditions can each role contribute to, or un-

dermine, the theoretical depth and contextual richness that distinguish 
case-based research? 
We answer these questions by developing a four-role conceptual frame-

work: AI-as-Discoverer, AI-as-Selector, AI-as-Co-Constructor and AI-as-
Generator. The review was not intended to catalogue AI applications descrip-
tively, but to identify recurrent methodological functions attributed to gener-
ative and agentic AI within the case research process.  

Each role is analysed through three theoretical lenses: affordance theory 
(Leonardi, 2011; Faraj & Azad, 2012; Li et al., 2023; Yang et al., 2024; Lin 
et al., 2025); Welch et al.’s (2019, 2022) typology of theorising from cases; 
and the sociomateriality literature (Faraj et al., 2018; Kellogg et al., 2020; 
Pachidi et al., 2021).  

The analysis combines systematic review procedures with an abductive 
conceptual synthesis, from which we derive six propositions on the condi-
tions of legitimacy, validity threats and disclosure requirements specific to 
each role and to their combination. 

The paper makes three contributions. Theoretically, it moves beyond the 
binary “human researcher versus AI tool” frame and repositions case-based 
research as a sociotechnical practice in which qualitatively different AI roles 
carry different methodological consequences; rather than filling an empty 
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conceptual space, it offers a structured synthesis and extension of emerging 
streams.  

Methodologically, it supplies conceptual categories and evaluative crite-
ria that authors, reviewers and editors can use to interrogate AI involvement 
in case-based papers.  

Practically, it translates these criteria into role-sensitive disclosure guid-
ance for corporate-governance and R&D case research, where the credibility 
of board, succession, ESG and innovation evidence depends acutely on trans-
parency about how cases were found, chosen, interpreted and, increasingly, 
generated. 

The paper proceeds as follows. Section 2 reviews the conceptual back-
ground and clarifies the generative–agentic distinction. Section 3 describes 
the review process, the coding protocol and the analytical approach. Section 
4 develops the four-role framework and a worked governance illustration. 
Section 5 discusses theoretical and practical implications, articulates six 
propositions, and considers limitations and a future research agenda. Section 
6 concludes. 
 
 
2. Conceptual background 

 
2.1 Case-based research and approaches to theorising 

 
Case-based research has developed through different methodological tra-

ditions that can be broadly grouped into three overlapping but distinct ap-
proaches. The positivist approach, exemplified by Yin (2018) and Eisenhardt 
(1989), conceives of the case as a focused empirical site for theory building 
or testing through replication logic. The interpretive approach, advanced by 
Stake (1995), views the case as a phenomenon whose meaning is socially 
constructed and must be understood through engagement with participants’ 
lived experience. The abductive and process-oriented approach, associated 
with Gioia, Corley and Hamilton (2013), Langley (1999) and Cornelissen 
(2017), emphasises the emergence of theoretical categories from rich quali-
tative material through abductive iteration. 

Welch et al. (2019) integrated this diversity into four forms of theorising 
from cases, inductive theory-building, interpretive sensemaking, natural ex-
periment and contextualised explanation, which differ in how they combine 
contextualisation and causal explanation and therefore rely on different eval-
uative criteria.  

Later contributions emphasised contextualised explanation in particular, 
through process research, historical methods, the extended case method and 
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configurational theorising (Welch et al., 2022). This distinction is decisive 
for our argument: the methodological legitimacy of an AI-supported practice 
cannot be assessed independently of the form of theorising adopted.  

A practice that is acceptable within a comparative, theory-driven design 
may be methodologically inconsistent within an interpretive or processual 
one. The introduction of AI therefore raises different questions depending 
on: 
(i) how cases are identified and selected; 
(ii) how theoretical categories are developed; 
(iii) what counts as legitimate empirical evidence. 

 
 

2.2 Artificial intelligence in qualitative management research 
 
Recent methodological discussions have introduced AI into qualitative 

management research primarily as analytical support. Naeem et al. (2023) 
proposed a step-by-step process of thematic analysis to develop conceptual 
models, later extended to AI-supported thematic analysis (Naeem et al., 
2025) and to a seven-stage protocol for AI-assisted case study development 
(Naeem and Thomas, 2025). Odacioglu, Zhang and Allmendinger (2022) 
proposed an “AI grounded theory” combining topic modeling with grounded 
theory across fifty-one case studies of project collaboration. These contribu-
tions differ methodologically but share an assumption: AI is positioned as a 
tool supporting the researcher during coding, interpretation or analytical or-
ganisation. 

A second stream examines the broader implications of algorithmic theo-
rising. A core concern is that predictive optimization and automated pattern 
recognition may progressively displace explanation, interpretation and theo-
retical judgment in qualitative inquiry (Lindebaum et al., 2023; Lindebaum 
and Ashraf, 2024). Related work highlights the growing dependence of man-
agement theory on computational artefacts (Glaser et al., 2024) and the per-
sistent tension between AI augmentation and the automation of human judg-
ment (Raisch and Krakowski, 2021). These contributions converge on a sin-
gle question: how the growing use of AI may influence explanation, inter-
pretation and theory development. 

A third stream addresses synthetic data generated by LLMs. Recent stud-
ies show that LLMs can simulate responses and generate material resembling 
empirical patterns observed in human populations (Argyle et al., 2023; 
Hämäläinen et al., 2023), opening possibilities for exploratory analysis, sim-
ulation and pedagogy. The same literature identifies serious limits. AI-gen-
erated participants may reproduce biases in training data and inadequately 
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represent marginalised groups (O’Grady, 2025); and simulations cannot au-
tomatically be treated as behavioural evidence, since their apparent realism 
often rests on assumptions that are difficult to verify empirically (Hullman 
et al., 2026). Synthetic material therefore raises a prior question about what 
can legitimately count as empirical evidence. These debates are well devel-
oped in adjacent science-and-technology-studies and critical-data-studies 
scholarship; we draw on them selectively while keeping our focus on man-
agement research, and we flag this boundary explicitly in Section 5. 

These streams of literature show that AI is progressively extending be-
yond analytical assistance and beginning to influence broader stages of 
knowledge production in qualitative research. Yet one important issue re-
mains underdeveloped: the emergence of agentic AI systems in research 
methodology. The several applications and implications of agentic AI ana-
lyse by Acharya, Kuppan and Divya (2025) and the conceptual taxonomy by 
Sapkota, Roumeliotis and Karkee (2025) confirm that the agentic paradigm 
is maturing rapidly in healthcare, finance and robotics. Its translation into 
management research methodology, however, remains conceptually under-
theorised.  

 
 

2.3 Working with machines: a sociomaterial framing 
 
A final stream derives from organisation theory and sociomaterial per-

spectives on algorithmic systems (Orlikowski and Scott, 2008; Faraj et al., 
2018; Kellogg et al., 2020; Pachidi et al., 2021). Faraj, Pachidi and Sayegh 
(2018) identify four properties of learning algorithms, black-boxed perfor-
mance, comprehensive digitisation, anticipatory quantification and hidden 
politics, and show how they alter coordination, control and professional ex-
pertise. Subsequent work suggests that algorithmic systems increasingly 
shape what counts as legitimate knowledge (Pachidi et al., 2021) and partic-
ipate in evaluative, classificatory and interpretive activities once reserved for 
human experts (Kellogg et al., 2020). 

Although developed for organisations, these dynamics may increasingly 
characterise qualitative and case-based research as AI systems participate in 
discovery, selection, interpretation and generation. To move beyond high-
level appeals to sociomateriality, we use Leonardi’s (2011) notion of imbri-
cation, the interlocking of human and material agencies, as a mechanism that 
differs systematically across roles: in the Discoverer and Selector roles, ma-
terial agency is comparatively dominant and operates upstream and out of 
sight in ranking and retrieval pipelines, whereas in the Co-Constructor role 
human and material agencies imbricate turn by turn within the researcher’s 
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view, and in the Generator role material agency substitutes for, rather than 
imbricates with, empirical reality. This mechanism-level reading allows AI-
supported case research to be analysed as a sociotechnical configuration, and 
it is what the affordance and theorising-from-cases lenses are used to specify 
in Section 4. 
 
 
3. Methodology 

 
This study adopts a structured literature review approach to examine how 

generative and agentic AI are being incorporated into case-based manage-
ment research (Snyder, 2019). Generative AI refers to large language models 
that produce text, code or other content in response to prompts; they are pow-
erful but non-autonomous, operating within a turn-by-turn interaction in 
which the human sets goals, supplies material and evaluates output. Agentic 
AI refers to systems that wrap such models in mechanisms for autonomy, 
planning, memory, tool use and retrieval, enabling them to pursue a goal 
across multiple steps with limited human intervention (Acharya et al., 2025; 
Sapkota et al., 2025). The two are not opposed: agentic systems typically 
rely on generative models as their reasoning core, but they add the capacity 
to act in an information environment rather than only to respond within a 
dialogue. 

In the present study, the review was not intended to provide a descriptive 
overview of the literature, but to identify recurring forms of AI involvement 
in case research and to develop a conceptual framework grounded in the 
analysis of prior studies. To enhance transparency and replicability, the re-
view process followed the PRISMA protocol (Page et al., 2021). 

The review focused on studies addressing the use of AI in case-based and 
qualitative management research, with particular attention to methodological 
functions associated with case discovery, case selection, co-construction and 
synthetic case generation. 
 
 
3.1 Search strategy and Screening 

 
The primary search was conducted in March 2026 using Elsevier’s Sco-

pus, which offers broad multidisciplinary coverage of peer-reviewed journals 
(Snyder, 2019). The search covered 2018–2026 in order to capture the recent 
emergence of generative and agentic AI. The following Boolean expression 
was applied to the TITLE-ABS-KEY fields: 

 

Copyright © FrancoAngeli. 
This work is released under Creative Commons Attribution Non-Commercial – No Derivatives License. 

For terms and conditions of usage please see: http://creativecommons.org.



65 

(“case study” OR “case research” OR “case method” OR “case-based”) AND 
(“artificial intelligence” OR “generative AI” OR “large language model” OR 
“LLM” OR “ChatGPT” OR “agentic AI” OR “synthetic data” OR “synthetic 
case”) AND (management OR organization OR governance OR strategy OR busi-
ness). 
 

The query returned 13,837 records. Before screening, duplicates have 
been removed from the final set of results (records excluded n=34).  

Only articles and review were included (records excluded n=7.525). Non-
English publications or documents without an English abstract were also ex-
cluded from the analysis (records excluded n=234). The selected subject area 
was “Business, Management and Accounting” (records excluded n=5.206). 
Restricting the database search to this subject area necessarily excludes foun-
dational work published in human–computer interaction venues (e.g., Hämä-
läinen et al., 2023), in technical AI outlets (e.g., Acharya et al., 2025; Sap-
kota et al., 2025) and in general-science journals (e.g., O’Grady, 2025). To 
address this limitation, backward and forward citation searches (snowball-
ing) were conducted during the review process to identify a limited number 
of highly relevant adjacent studies. These contributions were incorporated 
into the conceptual analysis to complement the management corpus, partic-
ularly with regard to agentic AI and synthetic data, while remaining analyti-
cally distinct from the studies retrieved through the original database search. 
The publication stage was “Final” (records excluded n=152). 

The remaining studies were screened through title and abstract analysis 
in order to exclude contributions clearly unrelated to the methodological use 
of AI in case-based or qualitative management research. At the title screen-
ing stage, 488 records were excluded as out of scope, while a further 93 stud-
ies were removed after abstract screening because they did not address meth-
odological aspects of case research or did not include an abstract. Instead we 
considered the studies that discuss AI as a methodological resource in re-
search activities and show explicit relevance to case research design, data 
generation, analysis or theorising. Technical contributions without method-
ological implications for management research were excluded, together with 
literature reviews addressing AI only as a substantive research topic. 

This process resulted in a final sample of 139 studies subjected to full-
text analysis. Figure 1 summarises the screening and selection process. 
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Figure 1: PRISMA Protocol 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Source: Our elaboration 
 
 
3.2 Documents analysis 

 
The analysis was conducted manually through iterative reading and com-

parison of the selected studies. The authors independently examined the pa-
pers and progressively compared interpretations in order to identify recurring 
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methodological patterns and refine the emerging conceptual distinctions. 
This process supported the development of a shared interpretation of how AI 
intervenes in different stages of case-based research. 

In detail, firstly, all 139 documents were read in full. We then distin-
guished between two subsets by full-text reading: the 81 core studies are 
those that attribute at least one explicit methodological function to AI within 
case-based or qualitative inquiry (or, for the adjacent agentic-AI and syn-
thetic-data literatures, a function directly transferable to it). These studies 
inform the construction of the roles. The remaining 58 contextual studies 
supply the theoretical frame, affordance theory, sociomateriality, theorising 
from cases, and the augmentation-automation debate, and are not coded into 
roles. In addition, a small number of interdisciplinary studies identified 
through citation-based snowballing were incorporated into the conceptual 
analysis. Although not retrieved through the original subject-area filter, these 
studies provided important insights into agentic AI capabilities and synthetic 
data generation and were used to enrich the emerging framework. 

The second step examined the methodological implications associated 
with each category. The unit of analysis was the methodological function 
attributed to AI within a study, not the study as a whole; a single study could 
therefore instantiate more than one function. Coding combined a deductive 
starting scheme with inductive refinement. The initial scheme was organized 
around stages of the case research lifecycle (identification, selection, inter-
pretation, generation) derived from Eisenhardt (1989), Yin (2018) and Welch 
et al. (2019). Through iterative reading these stages were refined into the 
four conceptual categories AI-as-Discoverer, AI-as-Selector, AI-as-Co-Con-
structor and AI-as-Generator. Two authors independently coded the studies. 
The small number of disagreements, concentrated at the Discoverer–Selector 
and Co-Constructor–Generator boundaries, was resolved through discussion 
and used to sharpen the operational definitions reported in Table 1.  

The distribution of coded functions was as follows: Co-Constructor (34), 
Generator (26), Discoverer (18) and Selector (15); because 12 studies were 
double-coded, assignments (93) exceed the 81 studies. The relative weight 
of the categories is itself informative: the Co-Constructor role rests on con-
solidated management evidence, whereas the Discoverer and Selector roles 
draw more heavily on adjacent agentic-AI literature, a point we treat as a 
limitation. 

The final step connected the emerging categories with the theoretical 
foundations discussed in Section 2. Affordance theory supported the exami-
nation of what each AI function enables and constrains. The literature on 
theorising from cases provided the basis for assessing whether each function 
is compatible with different forms of case-based theorising. Sociomateriality 
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supported the interpretation of how AI may alter the relationship between 
human judgment, technological mediation and knowledge production.  
 

Table 1: Coding Scheme 
 

Role Capability Operational coding 
definition 

Exemplar Studies Num. 
of arti-

cles 
Dis-
cov-
erer 

Agentic (auton-
omy, planning, 
retrieval) 

AI scans dispersed 
sources to surface 
candidate cases before 
field engagement 

Acharya et al. (2025); 
Sapkota et al. (2025); 
Naeem et al. (2023) 

18 

Selec-
tor 

Agentic (re-
trieval-aug-
mented evalua-
tion, ranking) 

AI evaluates and pri-
oritises candidate 
cases against theoreti-
cally defined criteria 

Acharya et al. (2025); 
Sapkota et al. (2025); 
Naeem & Thomas 
(2025) 

15 

Co-
Con-
struc-
tor 

Generative 
(prompt-based 
dialogue) 

AI participates in cod-
ing, framing and inter-
pretation through iter-
ative human-AI ex-
change 

Naeem et al. (2023, 
2025); Naeem & Tho-
mas (2025); Odacioglu 
et al. (2022) 

34 

Gene-
rator 

Generative 
(simulation, 
narrative pro-
duction) 

AI produces synthetic 
cases or participants 
not derived from ob-
served settings 

Argyle et al. (2023); 
Hämäläinen et al. 
(2023); Hullman et al. 
(2026); O’Grady 
(2025) 

26 

Source: Our elaboration 
 

The framework presented in Section 4 emerged through comparison be-
tween the reviewed studies and the theoretical foundations (Table 2). 

 
Table 2: Analytical Process 

 
 Analytical phase Focus of the analysis Outcome 
1 Reading of the se-

lected studies 
Examination of how AI is used 
within the research process 

Identification of recur-
ring forms of AI in-
volvement 

2 Comparative in-
terpretation of the 
studies 

Analysis of similarities and differ-
ences in methodological functions 

Progressive distinction 
between AI roles 

3 Conceptual refine-
ment 

Iterative refinement and resolution 
of boundary disagreements 

Four conceptual cate-
gories 

4 Connection with 
theoretical foun-
dations 

Interpretation through affordance 
theory, theorising from cases and 
sociomateriality 

Four-role conceptual 
framework 

Source: Our elaboration 
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4. The four AI roles in case-based management research 
 
The analysis revealed four distinct forms of AI involvement in case-based 

management research: AI-as-Discoverer, AI-as-Selector, AI-as-Co-Con-
structor and AI-as-Generator. These four roles differ in the stage of the re-
search process in which AI intervenes, the degree of researcher delegation 
involved, and the implications they generate for theorising from cases. 

The framework is a conceptual representation of methodological func-
tions that AI may assume during the development of case-based research. 
Some roles primarily support the identification and organisation of empirical 
material, whereas others intervene more directly in interpretation, theoretical 
reasoning or the generation of synthetic research material. In detail, Discov-
ery and Selection depend primarily on agentic capabilities, autonomous 
scanning of dispersed sources, retrieval-augmented evaluation, planning and 
ranking across large corpora. Co-construction and generation depend primar-
ily on generative, prompt-based capabilities, the production and refinement 
of interpretations or narratives within an interaction governed by the re-
searcher. Therefore, agentic roles externalise judgment into autonomous in-
formation-processing pipelines that are harder to inspect, whereas generative 
roles keep the human in the interactional loop but expose the researcher to 
fluent, persuasive output.  

The following sections discuss each role by examining the methodologi-
cal possibilities it enables, the forms of researcher-AI interaction it intro-
duces, and the challenges it raises for validity, interpretation and theoretical 
depth in case-based management research. 
 
 
4.1 AI as Discoverer 

 
AI as Discoverer refers to the use of AI systems to support the identifica-

tion of potentially significant cases before field engagement and data collec-
tion begin.  

In traditional case research, identification has depended on researchers’ 
prior knowledge, professional networks, media visibility and familiarity with 
specific settings (Eisenhardt, 1989; Yin, 2018). Recent developments in gen-
erative and agentic AI introduce new forms of automated retrieval and or-
ganisation of empirical material (Sapkota et al., 2025; Naeem et al., 2023; 
Naeem et al., 2025; Naeem and Thomas, 2025). 

From an affordance perspective, AI-supported discovery increases re-
searchers’ capacity to access and organise heterogeneous material and ex-
pands the scale and speed at which relevant information can be surfaced 
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(Leonardi, 2011; Faraj and Azad, 2012; Yang et al., 2024). In governance 
and R&D research, this can facilitate the identification of episodes associated 
with theoretically relevant conditions, governance crises, CEO succession 
events, ESG controversies, innovation breakthroughs, thereby supporting the 
early stages of theoretical sampling (Eisenhardt, 1989; Welch et al., 2022). 
In affordance terms, however, the affordance is asymmetric: it strengthens 
breadth of access far more than depth of contextual understanding, which is 
why it predicts compatibility with comparative designs but not with interpre-
tive ones.  

Sociomaterially, the imbrication of agencies here is upstream and largely 
invisible: access becomes mediated by digital infrastructures, retrieval sys-
tems and ranking, so the visibility of a phenomenon depends not only on the 
researcher’s sensitivity but on the structure, accessibility and ranking of dig-
itally available information (Orlikowski and Scott, 2008; Faraj et al., 2018; 
Pachidi et al., 2021). 

The role is therefore most compatible with approaches relying on com-
parison, replication logic and contextual variation (Welch et al., 2019; 2022) 
and least compatible with interpretive approaches, where selection and inter-
pretation depend on direct familiarity with the setting (Stake, 1995; Cornel-
issen, 2017). The principal threat is visibility bias: AI-supported discovery 
privileges organisations and events already prominent in digital environ-
ments, underrepresenting less documented or marginal contexts, and systems 
trained on dominant textual patterns may reproduce established assumptions 
and reduce exposure to genuinely novel situations (Lindebaum et al., 2023; 
Glaser et al., 2024). Researchers who rely heavily on it may also enter the 
field with thinner contextual familiarity than qualitative case research has 
traditionally required (Hoorani et al., 2019; Pillai et al., 2024). Use of the 
Discoverer role thus demands deliberate attention to source diversity, con-
textual understanding and oversight. 

 
 

4.2 AI as Selector 
 
Once candidates have been identified, researchers must decide which are 

theoretically relevant. Case selection has traditionally relied on theoretical 
sampling, replication logic, polar types and the identification of particularly 
informative empirical situations (Eisenhardt, 1989; Eisenhardt & Graebner, 
2007; Stake, 1995; Yin, 2018). AI-as-Selector refers to the use of agentic, 
retrieval-augmented AI to support the evaluation and prioritisation of candi-
date cases according to theoretically defined criteria. 
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Unlike the Discoverer, which mainly surfaces material, the Selector in-
tervenes directly in evaluative judgment, supporting ranking and compara-
tive assessment through retrieval-augmented generation, semantic matching 
and multi-step reasoning (Acharya et al., 2025; Sapkota et al., 2025; Naeem 
and Thomas, 2025). From an affordance perspective it increases the capacity 
to compare, classify and prioritise candidates against explicit criteria; more 
finely, affordance theory predicts that this capacity is realised only to the 
extent that the relevant theoretical criteria can be made machine-legible, a 
condition met by structured comparative schemas but violated by criteria that 
depend on tacit, emergent judgment.  

Sociomaterially, the imbrication tightens: algorithmic systems actively 
participate in organising and prioritising information through ranking and 
categorisation (Faraj et al., 2018; Kellogg et al., 2020; Pachidi et al., 2021), 
so selection becomes contingent on how theoretical criteria are translated 
into prompts, categories and computational representations. 

The role aligns most closely with designs based on explicit theoretical 
schemas and cross-case comparison (Welch et al., 2019) and benefits inter-
pretive and grounded-processual approaches least, since theoretical sensitiv-
ity there develops through engagement rather than predefined categories 
(Stake, 1995; Gioia et al., 2013; Cornelissen, 2017). The Selector also entails 
a more substantial delegation of judgment than the Discoverer. 

Its main methodological threats are the loss of theoretical nuance result-
ing from the translation of complex constructs into machine-readable crite-
ria, the marginalisation of anomalous or surprising cases that deviate from 
dominant patterns, and the partial opacity of the reasoning embedded in rank-
ing processes (Lindebaum et al., 2023; Lindebaum and Ashraf, 2024). There-
fore, the responsible use requires explicit specification of criteria, oversight, 
and reflection on how the system participates in evaluative judgment. 

 
 
4.3 AI as Co-Constructor 

 
AI as Co-Constructor is the most developed role in the methodological 

literature on AI-supported qualitative research. Existing contributions de-
scribe research configurations in which researchers interact with AI systems 
during different stages of the research process, including research design, 
theoretical framing, coding activities and interpretation (Naeem et al., 2023). 
AI contributes to the construction, refinement and interpretation of case-
based research material through iterative exchanges involving prompting, 
evaluation and revision (Naeem & Thomas, 2025). Interaction with AI may 
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help researchers externalise implicit assumptions, examine alternative inter-
pretations and explore theoretical perspectives that might otherwise remain 
overlooked. Within case-based research, the AI as Co-Constructor therefore 
operates primarily as a form of AI-assisted interpretation rather than as a 
mechanism for autonomous methodological judgment. 

The methodological implications differ from the previous two roles. 
Whereas Discoverer and Selector involve increasing forms of delegation in 
the identification and prioritisation of cases, the Co-Constructor maintains 
researchers at the centre of interpretative activity. For this reason, it fits more 
naturally with a broader range of approaches to theorising from cases, in-
cluding inductive, interpretive and grounded-processual traditions (Gioia et 
al., 2013; Welch et al., 2022).  

From an affordance perspective it broadens the capacity to organise, com-
pare and reinterpret material (Leonardi, 2011; Yang et al., 2024). Socio-
materially, this is the role where imbrication is most visible and most bal-
anced, unfolding turn by turn within the researcher’s field of view (Faraj et 
al., 2018; Pachidi et al., 2021). That visibility is also the source of its char-
acteristic threat: automation and confirmation bias. Fluent, coherent and the-
oretically plausible output may invite premature interpretive closure 
(Lindebaum and Ashraf, 2024), and the mere externalisation of prompts and 
exchanges does not by itself constitute methodological reflexivity. Coding 
support and theoretical exploration may benefit from interaction, but ethical 
reflection, contextual interpretation and contribution development continue 
to rely on the researcher’s judgment and field sensitivity (Naeem and 
Thomas, 2025; Hoorani et al., 2019). Therefore, the rigor of this role depends 
not on the volume of human-AI interaction but on the researcher’s capacity 
to contest, reject and revise AI-generated interpretations. 
 
 
4.4 AI as Generator 

 
AI as Generator represents the most controversial form of AI involvement 

in case-based research because it allows the production of cases not derived 
directly from observed empirical settings. Existing contributions suggest that 
large language models may reproduce patterns resembling organisational sit-
uations and empirical distributions (Hämäläinen et al., 2023). 

The literature describes three uses that must be kept analytically distinct, 
because their status differs sharply. A first and widely accepted application 
concerns pedagogical purposes, where synthetic cases, vignettes, and scenar-
ios are developed as teaching materials to stimulate discussion in classroom 
settings or executive education programmes (Gummesson, 2017; Naeem and 
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Thomas, 2025; Glaser et al., 2024). In this context, no claim of empirical cor-
respondence is made, and the legitimacy of such use is generally unquestioned. 

A second application involves exploratory and simulation-oriented pur-
poses. Here, generated cases are employed to investigate counterfactual sit-
uations and theoretical boundary conditions by examining alternative organ-
isational configurations that are difficult or impossible to observe directly 
(Langley, 1999; Argyle et al., 2023; Hullman et al., 2026). The legitimacy 
of this use depends on the explicit acknowledgement of the synthetic nature 
of the material and on framing any resulting insights as hypotheses or con-
ceptual propositions rather than empirical findings. 

A third and more problematic application arises when AI-generated ma-
terial is presented as if it constituted observed evidence about real organisa-
tions. We consider this quasi-empirical use to be methodologically illegiti-
mate, except under highly restricted circumstances that are clearly specified, 
transparently justified, and independently verifiable (cf. Hullman et al., 
2026; O’Grady, 2025). 

Therefore, AI-generated cases should not be regarded as empirical evi-
dence in the conventional sense. Their use can be considered legitimate for 
pedagogical and exploratory purposes, whereas any evidentiary role requires 
explicit disclosure and conditions that are transparent and independently ver-
ifiable. Even under such circumstances, however, their evidentiary value re-
mains partial and should be interpreted with caution. 

From an affordance perspective, AI as Generator broadens researchers’ 
capacity to explore hypothetical organisational configurations and controlled 
variations of empirical conditions (Leonardi, 2011; Faraj & Azad, 2012). So-
ciomaterial perspectives, however, emphasise that generated material re-
mains affected by training data, algorithmic mediation and statistically re-
current textual patterns (Faraj et al., 2018; Pachidi et al., 2021). Generated 
cases therefore reflect the distributions, absences and biases embedded 
within training infrastructures. 

Several methodological challenges emerge from this form of AI involve-
ment. AI-generated cases may complicate the distinction between empirical 
material and theoretically constructed narratives, particularly when gener-
ated material is presented in forms resembling qualitative evidence. In addi-
tion, statistically recurrent textual patterns may produce standardised organ-
isational narratives and reduce exposure to unexpected empirical variation 
(Hullman et al., 2026). Existing work on silicon sampling also raises con-
cerns regarding the representation of marginalised populations and un-
derrepresented organisational contexts within generated material (O’Grady, 
2025). More broadly, the use of generated cases raises questions concerning 
evidentiary legitimacy and contextual validity within case-based theorising. 
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4.5 Combining AI roles in case-based research 
 

In practice, case-based research is unlikely to rely on a single role. To 
make the framework concrete for governance and R&D readers, and to ad-
dress the concern that the illustrations remained abstract, consider a compar-
ative, multiple-case study of how corporate boards respond to ESG contro-
versies in listed firms, a question squarely within this journal’s remit. The 
four roles would manifest in different stages of the research process.  

In the Discoverer role, an agentic system scans regulatory filings, en-
forcement actions, financial news, NGO reports, and social media to identify 
listed firms that have experienced a material ESG controversy followed by 
an observable board-level response. By doing so, AI can assemble a much 
larger pool of candidate cases than a single researcher could realistically 
compile through manual searches. 

In the Selector role, retrieval-augmented systems support the ranking of 
candidate cases according to theoretically defined criteria, such as contro-
versy severity, variation in board independence and composition, and the 
identification of polar types suitable for replication logic. This allows re-
searchers to construct a comparative case set that is theoretically informative 
(Eisenhardt and Graebner, 2007; Welch et al., 2019). 

The Co-Constructor role becomes relevant during the analysis of board 
minutes, proxy statements, disclosures, and interviews. In this phase, re-
searchers interact with generative AI to externalise interpretations, develop 
and challenge first-order codes, and test alternative explanations of board 
behaviour, while retaining full authority over the interpretive process (Gioia 
et al., 2013; Naeem and Thomas, 2025). 

Finally, the Generator role emerges after the empirical analysis has been 
completed. Synthetic counterfactual scenarios, for example, considering how 
the same controversy might have unfolded under a differently composed 
board, can be generated to explore boundary conditions and develop execu-
tive-education teaching cases. Such generated material remains explicitly la-
belled as non-empirical and is kept analytically separate from the observed 
evidence. 

This sequence also surfaces governance-specific risks that a domain-gen-
eral treatment would miss. Visibility bias in the Discoverer role tilts the sam-
ple toward large, scandal-prone listed firms, underrepresenting private and 
family firms whose governance dynamics differ markedly. Evaluative dele-
gation in the Selector role can flatten precisely the nuances, informal board 
influence, ownership structure, interlocking directorates, that governance 
theory treats as decisive. And synthetic governance cases, if not clearly 
flagged, risk being mistaken for evidence about real board behaviour, with 
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consequences for cumulative knowledge in a field where evidence is already 
hard to obtain. The order in which roles enter the process matters too: gener-
ated material introduced before empirical engagement may anchor research-
ers on model-produced representations, whereas generated cases introduced 
after empirical inquiry can support counterfactual exploration and theoretical 
refinement (Argyle et al., 2023; Hullman et al., 2026). 

More generally, interpretive approaches grounded in situated understand-
ing derive limited benefit from Selector and Generator configurations, both 
of which abstract from empirical context, whereas comparative and theoret-
ically structured approaches integrate them more readily (Welch et al., 2019; 
2022). Co-Constructor configurations keep researchers more directly in-
volved in interpretation, whereas Discoverer and Selector configurations rely 
more extensively on retrieval, filtering and ranking. The capacity to evaluate, 
contest and revise AI-generated outputs is therefore central to methodologi-
cal transparency, and connects the framework to the augmentation–automa-
tion debate (Raisch and Krakowski, 2021): automation may expand the ca-
pacity to process information while simultaneously raising questions about 
interpretative authority and the place of human judgment in case-based the-
orising. Table 3 summarises the comparison. 
 
 

Table 3: Comparative overview of AI roles  
in case-based management research 

 
Dimension AI as Discoverer AI as Selector AI as Co-Con-

structor 
AI as Generator 

Capability 
Type 

Agentic Agentic Generative Generative 

Research 
phase 

Case identification Case selection Interpretation 
and analysis 

Simulation and ex-
ploration 

Primary af-
fordance 

Access to dispersed 
empirical material 

Comparison 
and prioritisa-
tion of cases 

Reflexive and 
interpretive 
support 

Exploration of hy-
pothetical configura-
tions 

Imbrication 
of agencies 

Upstream, largely 
invisible 

Tight, criteria-
mediated 

Visible, turn-
by-turn 

Substitutive (no em-
pirical referent) 

Theorising 
from cases 

Comparative and 
context-oriented ap-
proaches 

Theoretically 
structured com-
parison 

Broad applica-
bility across 
approaches 

Limited fit with inter-
pretive approaches 

Researcher 
delegation 

Moderate High Limited Extensive 

Main me-
thodological 
concerns 

Visibility bias; lim-
ited contextual fa-
miliarity 

Reduction of 
theoretical nu-
ance; opacity 

Automation 
bias; superfi-
cial reflexivity 

Ambiguous empirical 
status; limited con-
textual validity 

Source: Our elaboration 
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5. Discussion 
 
The growing diffusion of generative and agentic AI within management 

research is transforming how qualitative approach is designed, conducted 
and interpreted. Existing methodological contributions have mainly exam-
ined AI as a support instrument for coding, thematic analysis and data inter-
pretation (Odacioglu et al., 2022; Naeem et al., 2023; Naeem et al., 2025; 
Naeem & Thomas, 2025), while organisation studies have increasingly high-
lighted the influence of algorithmic systems on knowledge production (Kel-
logg et al., 2020; Lindebaum et al., 2023).  

However, current discussions remain largely focused on collaborative 
forms of AI-assisted interpretation and analysis. The framework developed 
in this study extends this perspective by differentiating four roles through 
which AI occurs in case-based management research: Discoverer, Selector, 
Co-Constructor and Generator. The value added is not the discovery of an 
empty conceptual space, but a structured synthesis that gives reviewers, edi-
tors and authors a vocabulary and a set of criteria for interrogating AI in-
volvement that the field currently lacks. 

 In doing so, the study shows that AI intervene through discovery, selec-
tion and the generation of hypothetical or quasi-empirical material (Hämä-
läinen et al., 2023; Acharya et al., 2025; Sapkota et al., 2025). Therefore, AI 
involvement represents a differentiated set of configurations associated with 
distinct forms of delegation, mediation and researcher control (Raisch & 
Krakowski, 2021; Faraj et al., 2018; Pachidi et al., 2021). 

The review also indicates that the four roles are not methodologically 
equivalent. Their implications vary according to how theoretical insight is 
developed from cases and how researchers relate to empirical settings during 
the research process. Comparative and theoretically structured approaches 
may integrate agentic Discoverer and Selector configurations more exten-
sively, particularly when broader sets of candidate cases and explicit com-
parison criteria are required (Eisenhardt, 1989; Eisenhardt & Graebner, 
2007). Interpretive methodology (Stake, 1995; Cornelissen, 2017), grounded 
theory (Gioia et al., 2013) and processual approaches (Langley, 1999), by 
contrast, continue to rely strongly on situated understanding and engagement 
with empirical material.  

The framework further shows that the four roles redistribute methodolog-
ical activities differently across the research process (Gioia et al., 2013; 
Lindgreen et al., 2021). Discoverer configurations remake access to empiri-
cal material through retrieval and exploration activities supported by AI sys-
tems (Acharya et al., 2025; Sapkota et al., 2025). Selector configurations 
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occur directly in evaluative judgment through filtering and prioritisation ac-
tivities (Eisenhardt & Graebner, 2007; Welch et al., 2019). Co-Constructor 
configurations influence interpretation and analytical refinement through it-
erative interaction between researchers and AI systems (Naeem et al., 2023; 
Naeem et al., 2025; Naeem & Thomas, 2025). Generator configurations in-
troduce a more substantial shift because they allow the production of AI-
generated material not directly derived from empirical observation (Argyle 
et al., 2023; Hämäläinen et al., 2023; Hullman et al., 2026).  

Our study also extends sociomaterial perspectives on knowledge produc-
tion (Orlikowski & Scott, 2008; Faraj & Azad, 2012; Faraj et al., 2018). AI 
systems participate in the retrieval, organisation, interpretation and genera-
tion of research material, while training data, ranking systems and filtering 
processes figure the visibility and accessibility of empirical phenomena (Kel-
logg et al., 2020; Pachidi et al., 2021; Lindebaum & Ashraf, 2024). The pro-
duction of theoretical insight becomes mediated by interactions between re-
searchers’ judgments, computational systems and digitally available infor-
mation infrastructures.  

Finally, the study contributes to ongoing discussions concerning AI aug-
mentation and automation in management research (Raisch & Krakowski, 
2021). Existing discussions often frame AI adoption as a broad tension be-
tween human and automation (Glaser et al., 2024; Lindebaum & Ashraf, 
2024). Our review instead suggests that different AI roles involve different 
implications for qualitative inquiry. Rather than framing AI adoption as a 
binary choice between acceptance and rejection, the framework highlights 
the importance of evaluating how different forms of AI involvement influ-
ence contextual understanding, interpretative authority and theoretical devel-
opment throughout the research process. 
 
 
5.1 Propositions 

 
The previous analysis suggests that the implications of AI involvement 

vary with the role performed and the form of theorising guiding the design. 
The following six propositions synthesise the framework. Their number and 
content now correspond exactly to the four roles plus an alignment and an 
integrative proposition, correcting the earlier mismatch between the propo-
sitions announced and those developed. 

 
Proposition 1 (alignment). The methodological legitimacy of any AI role 

in case-based research depends on its alignment with the form of theorising 
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guiding the design; misalignment between role and theorising weakens, ra-
ther than strengthens, the theoretical contribution. 

Proposition 2 (Discoverer  visibility bias). Because AI-as-Discoverer 
mediates access through digital infrastructures and ranking, its use biases 
case identification toward digitally salient organisations and events; this 
threat is most acute for interpretive and contextualised theorising and is mit-
igated only by deliberate attention to source diversity and contextual famili-
arity. 

Proposition 3 (Selector  evaluative delegation). AI as Selector delegates 
evaluative judgment to semantic matching and ranking; the resulting loss of 
theoretical nuance is proportional to the tacit, context-dependent knowledge 
required by the chosen form of theorising, and is contained only when selec-
tion criteria are explicitly specified, auditable and contestable. 

Proposition 4 (Co-Constructor  reflexivity). AI as Co-Constructor pre-
serves the researcher’s interpretive centrality but introduces automation and 
confirmation bias; its contribution to rigorous theorising depends on the re-
searcher’s capacity to contest, reject and revise fluent AI-generated interpre-
tations, not on the volume of human-AI interaction. 

Proposition 5 (Generator  epistemic status). The contribution of AI-as-
Generator is legitimate only when the epistemic status of synthetic material 
is explicitly declared and bounded: synthetic cases may support pedagogical 
and exploratory purposes, but cannot be treated as empirical evidence except 
under narrowly specified, transparently justified and verifiable conditions. 

Proposition 6 (integrative  governance). As generative and agentic AI 
become more deeply embedded across the case research lifecycle, qualitative 
rigor, and the credibility of governance and R&D case evidence in particular, 
depends increasingly on role-sensitive disclosure, researcher oversight and 
reflexive evaluation of how AI participates in discovery, selection, interpre-
tation and generation. 

 
 

5.2 Implications for governance and R&D research practice  
 
The framework offers a basis for discussing AI involvement without 

treating AI use as a generic condition, and it has concrete consequences for 
this journal’s readership. For authors, distinguishing discovery, selection, in-
terpretation and generation enables precise disclosure: a governance case 
study should state which roles were used, with which systems, and with what 
human oversight, rather than relying on a blanket acknowledgement of “AI 
assistance”. For reviewers and editors, the four roles supply targeted ques-
tions. In Discoverer configurations, which organisational contexts, private 
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firms, emerging-market boards, smaller innovators, remained weakly repre-
sented in the digitally accessible sources? In Selector configurations, how 
was theoretical relevance translated into prompts, ranking criteria and cate-
gories, and can that translation be inspected? In Co-Constructor configura-
tions, what evidence is there that the researcher contested rather than merely 
accepted AI-generated interpretations? In Generator configurations, is syn-
thetic material clearly demarcated from empirical evidence, and is its use 
pedagogical, exploratory or, problematically, quasi-empirical? 

Because operational procedures for these roles remain underdeveloped, 
we suggest that disclosure expectations be made role-specific in author 
guidelines and review criteria. This would allow governance and R&D schol-
arship to harness AI’s reach while protecting the contextual depth, eviden-
tiary discipline and transparency on which the credibility of board, succes-
sion, ESG and innovation case evidence depends. 

 
 

5.3 Limitations and future research 
 
This study presents some limitations. First, and most importantly, only a 

limited number of reviewed studies directly examine agentic AI within re-
search methodology. Accordingly, the Discoverer and Selector roles are de-
veloped partly through a limited number of adjacent studies identified 
through citation-based snowballing, rather than exclusively through consol-
idated management applications. While this interdisciplinary enrichment 
broadens the framework, transferability cannot be assumed, since neighbor-
ing fields often operate on more structured data, clearer evaluative criteria 
and more stable classification tasks than the ambiguous and progressively 
emergent situations characteristic of qualitative case research. This is re-
flected in the coding distribution (Table 1) and is not a presentational arte-
fact: empirical exemplars of these two roles within management case re-
search are still sparse, and part of our contribution is precisely to import in-
sights from neighboring fields. 

Second, the framework remains conceptual and has not yet been applied 
to actual research projects. Future studies could analyze published AI-sup-
ported case studies to examine which roles are effectively used, how they are 
combined, and which problems recur, ideally within governance and R&D 
settings, where the worked illustration in Section 4.5 could be operational-
ized. 

Third, detailed methodological guidance currently exists mainly for the 
Co-Constructor role, through the protocols proposed by Naeem et al. (2025). 
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Equivalent procedures for Discoverer, Selector and Generator roles, includ-
ing standards for synthetic-case disclosure, remain to be developed. A fur-
ther, deliberate boundary is that we have engaged the science-and-technol-
ogy-studies and critical-data-studies debates on synthetic data only selec-
tively; a fuller integration of that scholarship is a promising avenue for an-
choring the Generator role more deeply. 

In addition, the review relies on a single database (Scopus) and on the 
“Business, Management and Accounting” subject area. Although these 
choices enhanced transparency and ensured coherence with the focus of the 
study, they may have excluded relevant methodological discussions pub-
lished in adjacent disciplines. Likewise, grey literature and non-indexed 
sources were not systematically considered. Future research could broaden 
coverage by incorporating additional databases and interdisciplinary sources. 

 
 

6. Conclusion 
 
This study examined how generative and agentic AI may assume four 

methodological roles within case-based management research: Discoverer, 
Selector, Co-Constructor and Generator. The framework shows that different 
forms of AI participation emerge at different stages of the research process 
and influence theorising, interpretation and engagement with empirical ma-
terial in several ways. 

The study contributes to current methodological debates by moving be-
yond the idea of AI as a generic analytical support tool and by providing a 
more differentiated vocabulary for discussing AI-supported case research. 

Moreover, its contribution is not only this identification of four roles but 
their systematic coupling to forms of theorising and to role-specific validity 
threats, expressed in six propositions and translated into disclosure guidance 
of direct use to governance and R&D scholars.   

As generative and agentic AI become increasingly present within quali-
tative research activities, greater attention to the role performed by AI sys-
tems may become essential for preserving the interpretative and contextual 
depth that characterises case-based management research. 
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